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ABSTRACT 

In the rapidly evolving landscape of today's world, Artificial 

Intelligence (AI) and Machine Learning (ML) are revolutionizing 

intelligent data analytics, empowering decision-making across 

various sectors with enhanced data-driven insights. This review 

covers concepts from the foundation up, next-generation analytic 

techniques, cross-domain applications and some key challenges as 

well as future directions. Supervised, unsupervised and 

reinforcement learning are some of the core ML approaches which 

enable predictive and adaptive systems. Real-time analytics, edge 

computing, and explainable AI are some of the emerging 

technologies that improve efficiency and transparency. Healthcare, 

cybersecurity, blockchain and supply chain management are all 

examples of areas where we see considerable advances in 

prediction, security, and optimization. But data challenges like 

privacy, quality, data scalability, and ethical issues remain. The 

future of federated learning, quantum computing, and autonomous 

systems, among other trends, holds the potential of continued 

innovation, propelling intelligent, secure, and scalable analytics 

ecosystems across the globe. 

 

Article History: 

Submitted:  14-05-2026 

Accepted:   21-06-2026 

Published: 26-06-2026 

Keywords 

Artificial Intelligence, 

Machine Learning, 

Intelligent Data Analytics, 

Deep Learning, Healthcare 

Analytics, Cybersecurity, 

Blockchain, Supply Chain.  

Global Trends in Science 

and Technology is licensed 

under a Creative Commons 

Attribution-Noncommercial 

4.0 International (CC BY-

NC 4.0). 

INTRODUCTION 

Artificial Intelligence (AI) and Machine Learning (ML) have grown into an exciting technology that 

is changing the way data is gathered, processed, analyzed and used in several industries. Today, in the 

digital age, data is generated at an unprecedented rate from sensor, social media, enterprise and IoT 

systems, with a pressing need for intelligent analytics solutions that can efficiently and accurately 
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harness the meaning from this data [1]. Conventional data processing techniques are no longer 

adequate to deal with the deluge of data, the speed at which it arrives and the diversity of its sources 

in the current big data world. Consequently, intelligent analytics systems leveraging AI and ML 

technologies are crucial for providing data-driven insights across dynamic and complex environments 

[2]. 

The journey of intelligent data analytics starts with simple statistics and extends to sophisticated 

predictive and prescriptive analytics, leveraging machine learning algorithms. The first systems were 

more descriptive in nature and explained what had happened in the past [3]. With the recent 

improvements in computational power and development of algorithms, modern systems have come 

a long way from just predictive models to include prescriptive models that recommend optimal 

actions for the future. With the advent of deep learning, neural networks and reinforcement learning, 

systems are able to learn from massive, unstructured data like images, text and sensor streams [4]. 

The key driver behind this review is the growing integration of AI and ML in various applications 

including health care, cyber security, blockchain, and supply chain systems. Such domains include 

complex data structures, high security needs, and critical decision-making systems where the need 

for accuracy and reliability in data analysis is paramount [5]. In the medical industry, AI analytics 

helps with early disease detection, personalized treatment, and efficient hospital management. In the 

field of cybersecurity, ML algorithms are employed for anomaly detection, to thwart cyberattacks, 

and to fortify systems. AI brings several advantages to blockchain systems, such as better fraud 

identification, optimization of smart contracts, and better security measures [6]. Likewise, the systems 

involved in the supply chain use smart analytics for predicting demand, logistics optimization, and 

risk reduction. 

While there are great strides being made, there are also a number of challenges in implementing AI 

and ML for Intelligent Data Analytics. Problems of privacy, model interpretability, algorithm bias and 

computational constraints continue to be key obstacles to the general adoption. Also, adding AI 

systems to legacy infrastructure systems brings technical and operational challenges. Additionally, 

the rise of reliance on automated decision-making processes, especially in sensitive sectors such as 

healthcare and finance, raises ethical issues [7]. 

This review is intended to give a concrete overview of the current trends, challenges and future 

directions of AI and ML based Intelligent Data Analytics in various domains. It focuses on 

understanding how these technologies are changing to serve the needs of today's data ecosystems and 

what impact they could have on decision making processes. This research highlights the need for 

scalable, transparent, and secure AI systems that can tackle real-world problems effectively, through 
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the lens of cross-domain applications. The introduction provides a solid background for the reader by 

defining the scope and context of the introduction of AI and ML in the next generation of intelligent 

data analytics systems, and laying the groundwork for the rest of the review, which will examine the 

techniques, applications, and potentials of AI and ML. 

AI AND ML FUNDAMENTALS 

The core technique that is fundamental to today's intelligent data analytics systems is Artificial 

Intelligence (AI) and Machine Learning (ML). These are basic concepts, learning models, 

computational models, and methods of data processing that allow machines to mimic human 

intelligence and processes, including learning from experience, pattern recognition, and decision-

making [8]. Knowing these building blocks is crucial for creating and executing successful AI-

powered analytics solutions in different areas [9]. 

In essence, Artificial Intelligence is the umbrella term for work done in the development of systems 

that can do things which normally require human intelligence. They involve reasoning, problem-

solving, perception, language processing and decision-making. Machine Learning, a branch of AI, 

concentrates on creating algorithms that enable a system to learn from data without explicit 

programming [10]. Rather than having a set of rules, ML models find patterns within data and get 

better with each new unit of data. 

There are three main types of Machine Learning techniques: Supervised, Unsupervised, and 

Reinforcement. Supervised learning is learning from a training set that provides labels on the inputs 

and the outputs. This is a common method in classification and regression tasks, like spam detection 

or house price prediction [11]. In contrast, unsupervised learning works with unlabeled data and aims 

to uncover hidden structures or patterns in data. Two popular applications of unsupervised learning 

techniques are clustering and association analysis. Reinforcement learning is more dynamic and the 

agent learns by interacting with an environment and receiving a reward/punishment at the end of each 

interaction, making it well suited to decision making applications like robotics and autonomous 

systems [12]. 

One of the most powerful areas of machine learning is deep learning, which has revolutionized the 

power of AI systems. Uses Artificial neural networks of multiple layers for modelling complex 

patterns in large datasets. Deep learning is especially powerful when it comes to processing 

unstructured data like images, audio, and text [13]. CNNs are frequently employed in image 

recognition and RNNs and Transformer models are widely used in tasks involving natural language 

processing and sequential data analysis. The applications of these models have been groundbreaking 

in areas like computer vision, speech recognition, and language translation [14]. 
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Figure 1. Artificial Intelligence and Machine Learning: A Beginner’s Guide 

Data analytics lifecycle is another crucial part of AI and ML foundations, and involves data 

preprocessing, feature extraction, model training, evaluation, and deployment. Good data is the basis 

for good models, and there are preprocessing techniques, like normalization, cleaning, and 

transformation, that will help to get the models to perform more effectively [15]. Feature engineering 

aids in identifying and creating meaningful features for improved prediction. 

Further, optimization algorithms and loss functions are key to the training of machine learning 

models. Methods like gradient descent are applied to reduce errors and enhance the accuracy of the 

model. Different evaluation metrics such as accuracy, precision, recall and F1-score can be used to 

evaluate the effectiveness of the models in various scenarios [16]. 

NEXT-GENERATION INTELLIGENT DATA ANALYTICS 

The next generation of smart data analytics is a highly automated, adaptive and artificial intelligence 

(AI) driven system designed to process large, disparate and live data streams. Unlike traditional 

analytics that are mainly history dependent and static in nature, next generation analytics are powered 

by AI and ML to provide predictive, prescriptive and even autonomous decision-making capabilities 

[17]. The transformation is largely due to the development of the "big data" field, of "cloud" and 

"edge" computing, and of various intelligent algorithms that cooperate to provide faster, more 
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accurate and scalable analytics solutions [18]. 

One of the lynchpin components of the next generation of analytics is big data. Today, many volumes 

of data, high velocity streams and high variety datasets have to be handled efficiently. Structured, 

semi-structured, and unstructured data such as logs, images, videos, and sensor data are used to derive 

meaningful patterns using AI and ML algorithms [19]. Digital maturity and institutional readiness are 

also important to support the implementation of effective data-driven decision systems, especially in 

private and public complex infrastructures [20]. With distributed computing frameworks such as 

Hadoop and Spark, organizations can efficiently handle large-scale datasets, gaining real-time 

insights and improving decision-making processes [21]. 

Another key element of intelligent analytics systems is real-time and streaming analytics. In industries 

like finance, healthcare, and cybersecurity, where data is generated constantly, it is essential to process 

the data immediately [22]. Streaming analytics systems process data as it flows from data sources to 

identify anomalies, trends and events in real time. By combining machine learning with streaming, 

predictive and responsive functions are greatly improved so that real-time fraud detection, patient 

monitoring, and cyber threat identification can be achieved [23]. 

Also, edge and cloud-based AI systems fuel next-generation analytics. Cloud computing offers 

scalable storage solutions and powerful computing capabilities needed to train complex AI models, 

and edge computing brings computation closer to the data sources [24]. The combination of these 

features helps to decrease latency, increase efficiency, and ensure data privacy by processing sensitive 

information locally. These distributed systems of intelligence are especially useful in critical areas 

where quick decision-making is vital. 

In today's analytics systems, Explicable AI (XAI) has become a must-have. The increased complexity 

of AI models can sometimes make their decision-making process opaque. The goal of XAI methods 

is to make AI predictions more interpretable and easier for humans to understand, particularly in high-

stakes industries like healthcare and finance [25]. AutoML (Automated Machine Learning) and self-

learning systems further enhance the capabilities of next-generation analytics. AutoML automates the 

process of feature engineering, model selection and hyper parameter tuning, making AI systems more 

accessible. Self-learning systems evolve over time, continually learning from incoming data, to create 

adaptive intelligence that continues to learn over time without frequent human interaction [26]. 

 In this context, the readiness of governance and institutional accountability have been identified as 

key factors to ensure the responsible and effective deployment of intelligent analytics systems [27]. 

Intelligent data analytics is the next generation of data analytics, it's all about Big Data processing, 

Real Time Analytics, Edge and Cloud Computing, Explain ability and Automation. Such 
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advancements are driving change in industries, with the potential for quicker insights, more precise 

decisions, and self-governing operations in ever-more complex and information-intensive settings 

[28]. 

CROSS-DOMAIN APPLICATIONS 

The potential of cross-domain applications of Artificial Intelligence (AI) and Machine Learning (ML) 

in the field of intelligent data analytics illustrates the transformative impact of AI and ML across 

various critical sectors, empowering data-driven decision-making, automation, and predictive 

capabilities [28]. While the domains are distinct with their own set of features and issues, all of them 

have seen substantial gains from utilizing AI-infused analytics to improve effectiveness, accuracy, 

and promptness. Each of these domains possesses its own set of characteristics and challenges, but 

they all gain vastly from the use of AI-driven analytics, which can help enhance effectiveness, 

accuracy, and timeliness [29]. 

Healthcare Systems: In healthcare, AI and ML are revolutionizing the way medical data is analyzed 

and utilized for patient care. By analyzing vast amounts of clinical data, imaging information, and 

genetic information, intelligent data analytics can help facilitate early detection, diagnosis assistance, 

and personalized treatment plans [30]. Medical image analysis can involve using machine learning 

models to recognize patterns in medical images, like MRIs, CT scans, and X-rays, which can help 

physicians detect health problems, such as cancer, tumors, and neurological disorders, earlier. 

Predictive analytics also has significant value in predicting patient outcomes, hospital re-admissions 

and disease outbreaks [31]. In addition, AI-driven health monitoring devices and wearable’s capture 

real-time patient data, which AI systems then leverage to make proactive healthcare decisions. But 

issues like data privacy, interoperability of healthcare systems, and the need for highly accurate and 

explainable models are still major concerns [32]. 

Cybersecurity Systems: AI-powered intelligent data analytics has become indispensable in the field 

of cybersecurity, given the growing complexity of cyber threats. Intrusion Detection, Malware 

Classification, Anomaly Detection in network traffic are some common use cases of machine learning 

algorithms. These systems can sift through vast amounts of security data and detect suspicious activity 

patterns that might signify phishing, ransomware, or even DDoS attacks [33]. Behavioral analytics 

also boosts security by tracking user activity and identifying abnormal behavior. But one of the 

significant obstacles of adversarial machine learning is when the adversary tries to trick the AI by 

providing false information. It is therefore very important to ensure the robustness, adaptability and 

responsiveness of cybersecurity systems in this domain in real time [34]. 

Blockchain Systems: AI and ML play a role in enhancing security, efficiency, and scalability in 

https://doi.org/10.70445/gtst.2.3.2026.99-115
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blockchain environments. Intelligent analytics can detect fraudulent transactions, suspicious 

activities, and anomalies within decentralized networks. Machine learning models are also employed 

to fine-tune smart contracts for efficiency and to guarantee their proper functioning [35]. Furthermore, 

by examining blockchain network dynamics and forecasting potential congestion, AI can help 

optimize consensus mechanisms and boost the overall performance of the network. While blockchain 

systems offer these benefits, they also come with challenges, including high computational expenses, 

energy usage, and scalability issues, that need to be overcome for blockchain and AI systems to be 

fully integrated [36]. 

Supply Chain Systems: AI-powered intelligent analytics has revolutionized supply chain 

management, especially in predicting demand, optimizing inventory, and planning logistics. These 

machine learning models process past sales data, market trends, weather conditions, and other 

external elements to make accurate sales predictions [37]. This allows organizations to minimize 

waste, optimize stocks and delivery efficiency. AI systems can also boost the visibility of the supply 

chain, as they will monitor the movement of goods in real time and alert the buyer if there are any 

potential issues in the transportation or production phases [38]. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 2. Comparative Performance Dimensions of AI Applications in Critical Systems 
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Cross-Domain Applications: Intelligent Data Analytics with AI and ML is a valuable tool that can 

help solve complex problems in various industries. The requirements and constraints vary from one 

domain to another, but the overall aim is the same: making decisions based on the data and deriving 

actionable insights from it. The impacts of AI in the healthcare, cybersecurity, blockchain and supply 

chain sectors are just some examples of how AI can be a driver for creating smarter, more efficient, 

and more resilient systems [39]. 

CHALLENGES AND LIMITATIONS 

While Artificial Intelligence (AI) and Machine Learning (ML) have made significant strides and are 

increasingly used for intelligent data analytics, there are still challenges and limitations to be 

addressed. The issues involve technical, ethical, operational, and organizational aspects, particularly 

in sectors like health care, cybersecurity, blockchain, and supply chain management [40]. These 

constraints are key to the creation of more robust, trustworthy and scalable intelligent systems. 

Data quality and availability is one of the most pressing challenges. AI and ML models are heavily 

dependent on large volumes of high-quality data for training and validation. In practice, however, 

data is not always complete, consistent, or noise-free and may be biased. For instance, in a healthcare 

context, patient records could be stored in various hospitals and in non-compatible formats, making 

integration challenging [41]. In cybersecurity, the same is true: there is often limited and imbalanced 

attack information, impacting the reliability of models in identifying attacks. Improper data quality 

directly affects the performance and reliability of the models, resulting in incorrect predictions and a 

diminished confidence in AI systems [42]. 

The other significant barrier is interpretability and transparency of models. Many sophisticated 

machine learning methods, especially deep learning models, are "black boxes" and are difficult to 

comprehend how their decisions are made. Such lack of explain ability is a significant issue in critical 

domains like medical diagnosis, financial fraud detection, or other applications where stakeholders 

need to explain and trust the automated decisions [43]. Various techniques for Explainable AI (XAI) 

are being developed, although balancing the accuracy of the model with the level of interpretability 

is still a challenge. 

Computational complexity and scalability are significant challenges as well. AI models are large and 

complex, and their training and deployment demand significant computational power, such as high-

performance GPUs, distributed computing systems, and cloud resources. With the ever-growing data 

volume and complexity, scaling such models efficiently is becoming increasingly challenging [44]. 

Applications with real-time processing, like automatic cybersecurity systems or supply chain 

optimization platforms, place additional demands on the system and further boost operational costs 

https://doi.org/10.70445/gtst.2.3.2026.99-115
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due to the need to process data with a low latency [45]. 

There are other major constraints, namely ethical and privacy issues. AI systems frequently utilize 

personal and organizational information that is sensitive, which can lead to concerns regarding data 

protection, consent, and misuse. In healthcare, patient confidentiality is paramount and in 

cybersecurity and blockchain systems, data integrity and secure handling are crucial [46]. 

Furthermore, if training data is not representative of all populations, algorithmic bias can result in 

inequitable outcomes. This may lead to discriminatory practice in accessing employment, financing, 

and medical services or treatment recommendations, among other things, and is why it is important 

to build AI in an ethical way [47]. 

Another practical issue is integration with the current infrastructure. Numerous organisations run on 

legacy systems that aren't well equipped to handle AI-based analytics. Connecting modern AI 

solutions with these legacy systems can be a complicated, expensive and time-consuming process. 

Data silos, out-of-alignment architectures, and technical skill are additional obstacles to deployment 

[48]. For organizations to truly realize the potential of AI, they often need to go through a substantial 

digital transformation. 

Finally, there are security issues with AI systems. There are various types of adversarial attacks that 

can affect machine learning models, such as data poisoning and model inversion techniques. In 

blockchain applications or cybersecurity, these risks are particularly important since the integrity of 

the system is crucial. AI and ML provide strong tools for intelligent data analytics, yet moving 

forward, significant problems such as data quality, interpretability, scalability, ethics, integration and 

security must be overcame if AI and ML are to be safely and effectively implemented in business 

fields [49]. 

KEY TRENDS AND FUTURE PROSPECTS 

Artificial Intelligence (AI) and Machine Learning (ML) in the domain of intelligent data analytics is 

a dynamic field, constantly evolving and presenting new opportunities for automation, decision 

making and integration across domains. Emerging trends are not only enhancing the performance and 

efficiency of analytical systems but also tackling important barriers like privacy, scalability, 

interpretability, and adaptability [50]. The applications of intelligent data analytics will be very 

autonomous, decentralized and tightly connected to various industries including healthcare, cyber 

security, blockchain, and supply chain systems. 

Federated Learning and Privacy-Preserving AI are among the most promising future trends. In the 

context of federated learning, machine learning models are trained on various decentralized devices 

or organizations, without transferring the raw data to a central server. This can improve data privacy 

https://doi.org/10.70445/gtst.2.3.2026.99-115
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and security, while at the same time allowing for collaborative model training [51]. It is particularly 

useful in the healthcare and financial sectors, where the sharing of sensitive data is constrained by 

regulations. The integration of federated learning with additional techniques like differential privacy 

and homomorphic encryption promises to establish it as a fundamental element of secure AI systems 

[52]. 

A newer research area is Quantum Machine Learning (QML), the combination of quantum computing 

and machine learning algorithms. Quantum computing could also be able to solve optimization 

problems that are too costly for classical computers, and train large-scale AI models more quickly 

than they can be trained today [53]. While it's still a fledgling technology, QML has the potential to 

transform industries such as drug discovery, financial modeling, and cryptographic security in the 

years to come. 

The Autonomous Intelligent Systems are also emerging. The systems are engineered to function in 

an autonomous manner, relying on real-time data and adaptive learning mechanisms for decision-

making. These include applications such as driverless cars, autonomous drones, intelligent robotics, 

and automated industrial systems. These systems typically involve reinforcement learning and real-

time analytics to optimize their performance in dynamic environments [54]. 

AI powered Digital Twins are another game-changing trend. A digital twin is the virtual representation 

of a physical system that is continually updated with real-time data. Digital twins can leverage AI and 

ML to simulate, predict and optimise complex systems, like manufacturing plants, smart cities or 

even healthcare systems [55]. This allows organizations to simulate scenarios, anticipate failures, and 

optimize operations without impacting the actual systems. 

It is also anticipated that cross domain integration of intelligent analytics will be an important part of 

the future. AI systems will be more interdependent and share knowledge and information between 

industries. One such example is that by implementing healthcare analytics into supply chain systems, 

you can enhance vaccine distribution, and integrating cybersecurity intelligence with blockchain 

systems can help bolster transaction security [56]. This networked world will bring about more 

comprehensive and intelligent decision making processes. 

Also, the development of next-generation Explainable & Trustworthy AI will be pivotal. The 

challenge of ensuring AI systems are transparent, fair, and accountable will be crucial to building trust 

and regulatory adherence as AI becomes more autonomous [57]. Future AI models will be able to not 

only predict but also explain the rationale behind their predictions, enhancing their ability to be used 

in high-stakes environments.AI models of the future will make predictions, but also give a clear 

reason as to why they made those predictions, which is better for high-stakes applications [58]. 

https://doi.org/10.70445/gtst.2.3.2026.99-115
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The trajectory of AI and ML in intelligent data analytics is marked by enhanced decentralization, 

automation, and intelligence. The use of emerging technologies like federated learning, quantum 

computing, digital twins, and autonomous systems will mark a change in data analysis and utilization 

[59]. All these developments will allow for more intelligent, faster and safer decision-making in all 

the key sectors of industry, and lead to a more intelligent digital ecosystem. 

CONCLUSION 

Artificial Intelligence (AI) and Machine Learning (ML) have significantly changed the way that 

intelligent data analytics are performed, shifting from descriptive to predictive, prescriptive and 

autonomous data analytics. This review has covered the basics, the future, the cross domains, the key 

challenges, and the future directions of AI and ML in intelligent data analytics, especially in 

healthcare, cyber security, blockchain and supply chain systems. Overall, these technologies are not 

just improving the speed and efficiency of analysis but are also changing the way industries function 

and make important decisions. 

The core principles of AI and ML are the building blocks of AI-integrated systems. With the use of 

techniques like supervised learning, unsupervised learning, reinforcement learning, and deep learning 

architectures, machines are able to handle large and complex datasets. These will be complemented 

by an integrated data analytics lifecycle so that data can be turned into insights. Optimization 

algorithms and evaluation metrics are also used to ensure that models have high accuracy and 

reliability, making them suitable for real-world applications. 

Next-generation intelligent data analytics is a more sophisticated environment that integrates the use 

of big data processing, real-time analysis, edge computing, cloud integration and explainable AI to 

provide more swift and explainable insights. By combining AutoML and self-learning systems, 

human involvement is minimised and models can be continually improved. In sectors where instant 

decision-making and adaptable intelligence are vital, like healthcare monitoring systems, 

cybersecurity defense platforms, and logistics optimization networks, these advancements play a 

crucial role. 

The versatility and impact of AI-driven analytics are showcased in cross-domain applications. In the 

healthcare industry, AI contributes to more precise diagnoses, predictive treatment, and patient 

monitoring, which leads to better patient health and improved efficiency. In the field of cybersecurity, 

ML algorithms can be employed to identify anomalies, block intrusions, and enhance digital security 

measures against evolving cyber threats. AI technologies are crucial for their blockchain systems, 

supporting fraud detection, smart contract optimization, and enhanced security mechanisms; and their 

supply chain systems rely on predictive analytics for demand forecasting, inventory management, 
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and disruption mitigation. From telecom to retail, and from healthcare to manufacturing, these are 

examples of applications where intelligent analytics can make a difference in making systems more 

efficient, more accurate, and more resilient. 

While such progress has been made, there are other obstacles to be overcome. There remains a need 

for data quality, privacy, interpretability and scalability that continues to hamper broad adoption. 

There are ethical issues that come with biases and fairness in algorithmic decisions, which pose 

questions of accountability and trust. Further, there are substantial technical and operational 

challenges related to the implementation of AI systems into existing systems and the risk of 

adversarial attacks. To guarantee safe, reliable and responsible use of AI technologies, it is crucial to 

address these challenges. 

In the future, AI-driven digital twins, federated learning, quantum machine learning, and autonomous 

systems will shape the future of intelligent data analytics. Such innovations will contribute to 

increased system intelligence, computational efficiency, and privacy, and to more interwoven and 

adaptive digital ecosystems. As AI becomes more explainable and trustworthy, customers will be even 

more at ease and compliant with regulations, especially in critical sectors. 

In conclusion, AI and ML are driving a paradigm shift in intelligent data analytics by enabling smarter, 

faster, and more autonomous systems. While challenges remain, continuous research and 

technological advancements are paving the way for more secure, scalable, and ethical AI solutions. 

The potential of intelligent data analytics is the ability to interoperate them in different sectors and 

reach a more intelligent, efficient and interconnected global digital infrastructure in the future. 

REFERENCES 

[1]. Oad SK. Integration of AI in Data Science: A Systematic Review. Global Trends in Science 

and Technology. 2026 Mar 18;2(2):64-82. 

[2]. Kabeer MM. Synergizing AI and Lean Six Sigma: A Comprehensive Review of Smart Quality 

Assurance Systems. Global Journal of Multidisciplinary Sciences and Arts. 2024 Dec 

12;1(2):113-33. 

[3]. Khan F. Neural Networks in Electrical Engineering Applications: A Review. Global Trends 

in Science and Technology. 2026 Apr 29;2(2):219-39. 

[4]. Singh A. Artificial Intelligence and Its Expanding Role in Computer Science. American 

Journal of Artificial Intelligence and Computing. 2025 Sep 20;1(2):226-40. 

[5]. Jamal M. Artificial Intelligence in Healthcare: Leveraging Big Data Analytics and Machine 

Learning. American Journal of Artificial Intelligence and Computing. 2026 Mar 25;2(1):26-

45. 

https://doi.org/10.70445/gtst.2.3.2026.99-115


 

Global Trends in Science and 

Technology 

ISSN : 3079-5761 

Volume 2, Number 3, 2026 
https://doi.org/10.70445/gtst.2.3.2026.99-115                    

 

 

111 
  

[6]. Kabeer MM. Leveraging AI for Process Optimization: The Future of Quality Assurance in 

Lean Six Sigma. American Journal of Artificial Intelligence and Computing. 2025 May 

7;1(1):87-103. 

[7]. Erdenetsogt T, Jamal M. Artificial Intelligence in Computer Vision: Methods and 

Applications Review. American Journal of Artificial Intelligence and Computing. 2026 Apr 

25;2(1):92-108. 

[8]. Singh A. Fifty Years of Computer Science: Trends, Milestones, and Emerging Challenges. 

Global Research Repo. 2025 Sep 9;1(2):230-53. 

[9]. Leng J, Chen Z, Huang Z, Zhu X, Su H, Lin Z, Zhang D. Secure blockchain middleware for 

decentralized iiot towards industry 5.0: A review of architecture, enablers, challenges, and 

directions. Machines. 2022 Sep 26;10(10):858. 

[10]. Oad VD. Intelligent Data Analytics: A Review of AI-Based Approaches. Global Journal of 

Multidisciplinary Sciences and Arts. 2025;2(2):153-75. 

[11]. Kabeer MM. AI and Machine Learning in Lean Six Sigma: A Comprehensive Review of the 

Future of Process Excellence. Global Research Repo. 2025 Nov 26;1(4):104-25. 

[12]. Singh A. Intelligent Machines: Shaping the Future of Computer Science and Society. Global 

Research Repo. 2025 Sep 9;1(2):254-78. 

[13]. Myrzashova R, Alsamhi SH, Shvetsov AV, Hawbani A, Wei X. Blockchain meets federated 

learning in healthcare: A systematic review with challenges and opportunities. IEEE Internet 

of Things Journal. 2023 Mar 31;10(16):14418-37. 

[14]. Singh A. Cross-Domain Trust-Aware Artificial Intelligence for Behavioral Risk Prediction in 

Pediatric Healthcare, Financial Systems, and Public Decision Environments. Frontiers in 

Computer Science and Artificial Intelligence. 2025 Dec 28;4(1):07-12. 

[15]. Bacha A, Sherani AM. AI in Predictive Healthcare Analytics: Forecasting Disease Outbreaks 

and Patient Outcomes. Global Trends in Science and Technology. 2025 Jan 24;1(1):1-4. 

[16]. Erdenetsogt T, Jamal M. Machine Learning for Big Data Analytics: A Comprehensive 

Review. Global Trends in Science and Technology. 2026 Apr 25;2(2):199-218. 

[17]. Oad SK. Artificial Intelligence in Data Science: A Comprehensive Review. American Journal 

of Artificial Intelligence and Computing. 2026 Mar 17;2(1):1-25. 

[18]. Kabeer MM. Quality by Intelligence: A Review of AI Applications in Healthcare Product 

Lifecycle Management. Global Research Repo. 2025 Nov 30;1(4):126-47. 

[19]. Jamal M, Aslam MS. From Data to Decisions: AI-Driven Machine Learning in Modern 

Healthcare. Global Journal of Multidisciplinary Sciences and Arts. 2025;2(2):115-32. 

https://doi.org/10.70445/gtst.2.3.2026.99-115


 

Global Trends in Science and 

Technology 

ISSN : 3079-5761 

Volume 2, Number 3, 2026 
https://doi.org/10.70445/gtst.2.3.2026.99-115                    

 

 

112 
  

[20]. Bhuiyan MI, Mumu TB. Assessing the Nexus between Digital Maturity and Institutional 

Accountability in Bangladesh’s Public Health System: A 2022 Cross-Sectional Analysis. 

Journal of Medical and Health Studies. 2022 Oct 30;3(4):192-200. 

[21]. Singh A. Artificial Intelligence in Computer Science and Machine Learning: Advancing Data 

Analytics. Global Journal of STEM and Society. 2026 Feb 6;1(1):92-106. 

[22]. Khan F. CYBERSECURITY AND ELECTRICAL SAFETY IN SMART GRIDS. Spectrum 

of Engineering Sciences. 2024 Dec 31:637-45. 

[23]. Imtiaz N, Kundu TR, Roy A, Bhuiyan MI, Rahman K, Islam MK. Governance readiness 

beyond predictive performance: An empirical benchmark for higher-education early warning 

systems. Frontiers in Computer Science and Artificial Intelligence. 2025 Jul 10;4(5):49-65. 

[24]. Raza H, Erdenetsogt T, Kabeer MM, Aslam MS. IoT Generated Big Data Analytics: Trends 

and Scalability Issues. American Journal of Artificial Intelligence and Computing. 

2025;1(2):306-27. 

[25]. Singh A. A Survey of Foundational Concepts and Emerging Frontiers in Computer Science. 

Global Research Repo. 2025 Sep 9;1(2):279-309. 

[26]. Raza H, Erdenetsogt T, Singh A, Farooq M, Kabeer MM, Aslam MS. A Comprehensive 

Review on Data Science Frameworks for Big Data Analytics. PERFECT: Journal of Smart 

Algorithms. 2026 Jan 6;3(1):1-0. 

[27]. Bhuiyan MI, Akter L. Governance Challenges in Delivering Public Health Services to 

Rohingya Refugee Populations in Bangladesh: A Field-Informed Institutional Analysis. 

International Journal of Law and Politics Studies. 2021 Sep 25;3(1):29-40. 

[28]. Jamal A, Raza H, Erdenetsogt T, Singh A, Farooq M, Kabeer MM, Aslam MS. AI and Data 

Analytics for Precision Agriculture: Current Progress and Future Directions. JATAED: 

Journal of Appropriate Technology for Agriculture, Environment, and Development. 2025 

Aug 15;2(2):36-46. 

[29]. Khan M, Bacha A. AI-Driven Cybersecurity in Healthcare: The Transformative Potential of 

Generative AI. Global Research Repo. 2025 Nov 3;1(3):157-81. 

[30]. Bacha A, Shah HH, Abid N. The Role of Artificial Intelligence in Early Disease Detection: 

Current Applications and Future Prospects. Global Journal of Emerging AI and Computing. 

2025 Jan 20;1(1):1-4. 

[31]. Shah HH, Bacha A. Leveraging AI and Machine Learning to Predict and Prevent Sudden 

Cardiac Arrest in High-Risk Populations. Global Journal of Universal Studies. 2024 Dec 

15;1(2):87-107. 

https://doi.org/10.70445/gtst.2.3.2026.99-115


 

Global Trends in Science and 

Technology 

ISSN : 3079-5761 

Volume 2, Number 3, 2026 
https://doi.org/10.70445/gtst.2.3.2026.99-115                    

 

 

113 
  

[32]. Neoaz N, Bacha A, Khan M, Sherani AM, Shah HH, Abid N, Amin MH. AI in Motion: 

Securing the Future of Healthcare and Mobility through Cybersecurity. Asian Journal of 

Engineering, Social and Health. 2025 Jan 29;4(1):176-92. 

[33]. Raza H, Erdenetsogt T, Farooq M, Kabeer MM, Aslam MS, Lodhi SK. Predictive Analytics 

for Efficient and Smart Supply Chain Optimization. American Journal of Artificial 

Intelligence and Computing. 2025 Dec 5;1(2):264-82. 

[34]. Oad SK. Recent Advances in Artificial Intelligence for Data Science: A Review. Global 

Journal of Multidisciplinary Sciences and Arts. 2025;2(2):133-52. 

[35]. Khang A, Jadhav B, Sayyed M. Role of cutting-edge technologies and deep learning 

frameworks in the digital healthcare sector. InAI-driven innovations in digital healthcare: 

emerging trends, challenges, and applications 2024 (pp. 1-22). IGI Global Scientific 

Publishing. 

[36]. Khan F. Optimization of Power Systems Using AI: A Review of Modern Approaches. Global 

Journal of Multidisciplinary Sciences and Arts. 2025;2(2):203-24. 

[37]. Singh A. Advancing Healthcare through AI-Driven Data Analytics: Integrating Machine 

Learning and Cybersecurity in Modern Computer Science. Global Journal of STEM and 

Society. 2026 Feb 6;1(1):107-26. 

[38]. Hong Z, Xiao K. Digital economy structuring for sustainable development: the role of 

blockchain and artificial intelligence in improving supply chain and reducing negative 

environmental impacts. Scientific Reports. 2024 Feb 16;14(1):3912. 

[39]. Khan F. Next-Generation Electrical Systems: A Review of AI-Enabled Technologies. 

American Journal of Artificial Intelligence and Computing. 2026 Apr 30;2(1):109-31. 

[40]. Kabeer MM. Artificial Intelligence in Modern Manufacturing: Opportunities and Barriers. 

Global Trends in Science and Technology. 2025 Jul 16;1(3):83-100. 

[41]. Chaganti R, Boppana RV, Ravi V, Munir K, Almutairi M, Rustam F, Lee E, Ashraf I. A 

comprehensive review of denial of service attacks in blockchain ecosystem and open 

challenges. IEEE Access. 2022 Sep 8;10:96538-55. 

[42]. Kabeer MM. AI in Lean Six Sigma: A Review of Industrial Implementations, Benefits, and 

Barriers. Global Journal of Multidisciplinary Sciences and Arts. 2024 Dec 13;1(2):134-58. 

[43]. Singh A. Data-Driven Intelligence: Emerging Architectures for Scalable and Responsible AI 

Systems. Global Trends in Science and Technology. 2026 May 1;2(2):240-62. 

https://doi.org/10.70445/gtst.2.3.2026.99-115


 

Global Trends in Science and 

Technology 

ISSN : 3079-5761 

Volume 2, Number 3, 2026 
https://doi.org/10.70445/gtst.2.3.2026.99-115                    

 

 

114 
  

[44]. Misra NN, Dixit Y, Al-Mallahi A, Bhullar MS, Upadhyay R, Martynenko A. IoT, big data, 

and artificial intelligence in agriculture and food industry. IEEE Internet of things Journal. 

2020 May 29;9(9):6305-24 

[45]. Mohammed M, Kunnipurayil S. Mechanical Design and Manufacturing Processes in Medical 

Device Development. American Journal of Artificial Intelligence and Computing. 2026 Apr 

17;2(1):68-91. 

[46]. Kunnipurayil S, Mohammed M. Advanced Manufacturing and Process Optimization in 

Medical Device Production. Global Trends in Science and Technology. 2026 Apr 

16;2(2):175-98. 

[47]. Ucar A, Karakose M, Kırımça N. Artificial intelligence for predictive maintenance 

applications: key components, trustworthiness, and future trends. Applied Sciences. 2024 Jan 

20;14(2):898. 

[48]. Alves L, Ferreira Cruz E, Lopes SI, Faria PM, Rosado da Cruz AM. Towards circular 

economy in the textiles and clothing value chain through blockchain technology and IoT: A 

review. Waste Management & Research. 2022 Jan;40(1):3-23. 

[49]. Jamshaid M, Muhammad AH, Akbar Z, Niaz S, Siddique MN, Akbar S. Artificial intelligence 

generated deepfakes as instruments of disinformation: Examining their influence on public 

opinion, digital trust, and governance. Journal of Information Systems Engineering and 

Management. 2025;10. 

[50]. Akintuyi OB. Adaptive AI in precision agriculture: a review: investigating the use of self-

learning algorithms in optimizing farm operations based on real-time data. Research Journal 

of Multidisciplinary Studies. 2024 Apr;7(02):016-30. 

[51]. Badidi E. Edge AI and blockchain for smart sustainable cities: Promise and potential. 

Sustainability. 2022 Jun 22;14(13):7609. 

[52]. Aarushi, Chauhan A, Wadhawan S, Kaur A, Sharma S. The Convergence of Blockchain and 

IoT in Secure Smart Cities: A Survey of Applications, Challenges, and Opportunities. 

Security and Privacy. 2025 May;8(3):e70046. 

[53]. Nassar M, Salah K, Ur Rehman MH, Svetinovic D. Blockchain for explainable and 

trustworthy artificial intelligence. Wiley Interdisciplinary Reviews: Data Mining and 

Knowledge Discovery. 2020 Jan;10(1):e1340. 

[54]. Rojek I, Prokopowicz P, Piechowiak M, Kotlarz P, Náprstková N, Mikołajewski D. The 

Impact of Data Analytics Based on Internet of Things, Edge Computing, and Artificial 

https://doi.org/10.70445/gtst.2.3.2026.99-115


 

Global Trends in Science and 

Technology 

ISSN : 3079-5761 

Volume 2, Number 3, 2026 
https://doi.org/10.70445/gtst.2.3.2026.99-115                    

 

 

115 
  

Intelligence on Energy Efficiency in Smart Environment. Applied Sciences. 2025 Dec 

25;16(1):225. 

[55]. HASSAAN A, AKBAR Z, JAMSHAID MM, NIAZ S, AKBAR S, SIDDIQUE MN, 

TABASAM AH. AI-driven administrative automation: Enhancing operational efficiency and 

security. TPM–Testing, Psychometrics, Methodology in Applied Psychology. 2025 Oct 

10;32(S7 (2025): Posted 10 October):2451-60. 

[56]. Ahmad J, Zia MU, Naqvi IH, Chattha JN, Butt FA, Huang T, Xiang W. Machine learning and 

blockchain technologies for cybersecurity in connected vehicles. Wiley interdisciplinary 

reviews: data mining and knowledge discovery. 2024 Jan;14(1):e1515. 

[57]. Kabeer MM. Utilizing Machine Learning for Continuous Process Improvement in Lean Six 

Sigma. Global Trends in Science and Technology. 2025 May 7;1(2):49-63. 

[58]. Mohammed M, Kunnipurayil S. Automation and Smart Manufacturing in Medical Device 

Production. Global Journal of Multidisciplinary Sciences and Arts. 2025;2(2):176-202. 

[59]. Kabeer MM. AI in Manufacturing Quality Management: A Review of Techniques, Tools, and 

Industrial Adoption. Global Journal of Multidisciplinary Sciences and Arts. 2024 Dec 

11;1(2):46-64. 

 

 

 

https://doi.org/10.70445/gtst.2.3.2026.99-115

